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INTRODUCTION
Over the next decade, U.S. public schools will hire 2.2 million new teachers
(Hussar, 1999) to fill openings created by large-scale retirements and high levels of
teacher turnover and attrition (Ingersoll, 2001). What will it take to attract, support, and
retain such a large cohort of new teachers, and will the next generation of teachers stay in
schools long enough to develop the high levels of expertise needed to prepare all students
for the demands of a changing society and economy? Or will large numbers of new
teachers continue to leave teaching within the first few years, keeping teaching’s
“revolving door” (Ingersoll, 2001) in motion, with adverse consequences for schools and
the students they serve?
In recent years, researchers and policymakers have turned their attention to these
important questions and identified a number of supports that new teachers need in order
to be effective, feel successful in their jobs, and, ultimately, stay in teaching (Johnson &
Birkeland, 2003; Johnson & The Project on the Next Generation of Teachers, 2004;
Smith & Ingersoll, 2003). These supports include mentoring (Darling-Hammond, 1999;
Feiman-Nemser, 1996, 2001; Gold, 1996; Kardos, 2002; Little, 1990; Smith & Ingersoll,
2003), a curriculum that is detailed and comprehensive yet adaptable and supportive of
teacher learning (Ball & Cohen, 1996; Grossman & Thompson, 2004; Kauffman,
Johnson, Kardos, Liu, & Peske, 2002), a professional culture in which there is deep and
sustained interaction between novice and veteran teachers (Kardos, 2003; Kardos,
Johnson, Peske, Kauffman, & Liu, 2001; Little, 1982, 1999), and other school structures
and practices that help teachers focus on teaching and learning rather than other,
peripheral matters (Johnson & The Project on the Next Generation of Teachers, 2004).
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While considerable research has examined the supports that new teachers need,
there has been relatively little research on how schools and districts hire new teachers.
We know very little about the teacher hiring process and the role it plays in matching new
teachers to schools and positions. The match between new teachers and their jobs is
important to consider, because teaching jobs vary a great deal, and each presents the new
teacher with a unique set of demands, challenges, and opportunities. A new teacher’s
effectiveness depends not only on her general qualifications but also on the fit between
her particular skills, knowledge, and dispositions and the teaching position she has been
hired to fill. The fit between a new teacher and her position also has implications for job
satisfaction and retention. If a position does not closely match a new teacher’s
preparation, interests, and preferences (regarding grade level, curricular approach,
pedagogical philosophy, school culture, student population, etc.), she may not stay in it
for long. She may leave the position, or teaching altogether, if a poor fit compromises her
effectiveness and her sense of success (Johnson & Birkeland, 2003). This is particularly
true of the next generation of teachers who have many careers open to them and who
have conceptions of career that are quite different from those of the retiring generation
(Peske, Liu, Johnson, Kauffman, & Kardos, 2001).
In this article, I examine the extent to which the hiring process influences new
teachers’ job satisfaction and the fit between new teachers and their schools. I present
findings from a four-state survey of a representative random sample of 486 new teachers.
Throughout, I conceive of hiring as a two-way process in which both school personnel
and prospective teachers try to collect information about, and form impressions of, one
another.
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In brief, I find that many new teachers experience a hiring process that does not
give them an accurate picture of what their school and teaching position will be like. I
also find that new teachers who report experiencing a hiring process that gave them a
comprehensive and accurate preview of their job are more satisfied in their jobs than
those who report experiencing a hiring process that did not give them an accurate preview
of their job. These teachers who experienced a good job preview also report a better fit
with their school⎯though they do not report a better fit with their specific teaching
position.

RELATED LITERATURE
Despite longstanding concerns about teacher quality and teacher retention, there
has been little empirical research on how teachers are hired and even less on new
teachers’ experiences with the hiring process. The research that does exist on teacher
hiring consists primarily of case studies of district hiring practices (David, 1988; Levin &
Quinn, 2003; Shivers, 1989; Wise, Darling-Hammond, & Berry, 1987) or experiments in
which researchers present different scenarios to study participants, under controlled
conditions, and observe the hiring-related decisions that they make (Young & Heneman,
1986; Young, Place, Rinehart, Jury, & Baits, 1997; Young, Rinehart, & Place, 1989). To
date, however, there has been relatively little research on how schools and districts
actually organize and conduct teacher hiring across a broad range of contexts. In addition,
research in this area has tended to analyze hiring from the perspective of districts and
schools, thus depicting it as a process in which schools evaluate and select candidates.
Hiring, however, is not simply a one-way process. It should properly be viewed as a twoway process in which schools and candidates exchange information and assess one
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another. In any hiring interaction, two important decisions need to be made. The
employer must decide whether to extend a job offer, and the teaching candidate must
decide whether to accept a job if it is offered. For these two decisions to lead to a good
match between the new teacher and his or her school, both must be well informed.

The Importance of Fit
Good matches between new teachers and their schools are important both for
improving the functioning of schools, as well as for improving teacher satisfaction and
retention. No two schools and no two teaching positions are exactly alike. The skills,
knowledge, and dispositions needed to be effective teaching A.P. chemistry in an
affluent, suburban, and homogeneous high school are different from those needed to
teach untracked general science in a working-class, urban, and heterogeneous middle
school. Teaching positions also differ in less obvious ways. For example, teaching in a
school that has adopted a literacy program, such as the Literacy Collaborative, that
requires teachers to exercise a great deal of professional judgment presents a new teacher
with opportunities and demands that are quite different from those of teaching in a school
that has adopted a more scripted approach to literacy instruction, such as Success for All.
Different curricular programs require different sets of skills and knowledge, and also
reflect different underlying perspectives and beliefs about teaching and learning. Given
the great variety in teaching positions, it is important to consider whether new teachers
are hired into positions that are a good fit for them.
Research in organizational behavior and management studies has also found links
between person-organization or person-job fit and work outcomes such as job satisfaction
and intentions to quit (Cable & Judge, 1996; Chatman, 1991; Kristof, 1996; Rynes, Bretz,
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& Gerhart, 1991). None of these studies, however, examined person-organization fit
between teachers and schools. Moreover, as Kristof (1996) notes in her review of the
person-organization fit literature, we still do not have a clear understanding of how
specific recruitment or hiring activities affect levels of person-organization fit. This
suggests the need to examine how schools and districts organize and conduct hiring and
the implications this might have for the fit between new teachers and their teaching jobs,
and for their job satisfaction.

Hiring and Job Satisfaction
New teachers’ job satisfaction is important to consider because it is connected to
teacher turnover and attrition. Approximately 30 percent of new teachers leave the
classroom within three years; 40-50 percent leave within five years (Huling-Austin, 1990;
Ingersoll, 2002; Ingersoll & Smith, 2003; Murnane, Singer, Willett, Kemple, & Olsen,
1991). These high levels of turnover have serious consequences for schools and the
students they serve. Many different factors lead new teachers to leave their jobs or to
leave teaching altogether, but dissatisfaction with their jobs is surely one of the most
important (Ingersoll, 2001).
Job dissatisfaction also has implications for job performance and organizational
effectiveness (Reyes & Shin, 1995). Employees who are dissatisfied may exhibit job
avoidance behaviors, such as reducing their level of effort. In some cases, “psychological
quits” (March & Simon, 1958, as cited in Hom & Kinicki, 2001) can be a precursor to
exit from the organization (Hom & Kinicki, 2001), while in others it may be a substitute
for exiting. Thus, teacher dissatisfaction can be a critical problem for schools, other
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teachers, and students, even when it does not lead dissatisfied teachers to exit
immediately.

Teacher Recruitment and Candidates’ Job Choices
One strand of research on teacher hiring has focused on understanding how
recruitment messages influence applicants’ perceptions of jobs and their desirability. As
Young and Delli (2002) note, this research “treats applicants as active decision makers
within the selection process” (p. 588) and probes what they find appealing about a job or
work setting. The practical goal of this research is to generate knowledge that can help
schools and districts make their recruitment messages more effective in attracting
applicants and convincing candidates to accept job offers.
Much of this research has been guided by job choice theory (Behling, Labovitz, &
Gainer, 1968; Pounder & Merrill, 2001; Young et al., 1989). Originally articulated by
Behling, Labovitz, and Gainer (1968), job choice theory posits three distinct theories for
how candidates make decisions about jobs: objective theory, subjective theory, and
critical-contact theory. Objective theory maintains that candidates make decisions
primarily on the basis economic factors that are objective and measurable—factors such
as pay, benefits, prospects for promotion, and other extrinsic rewards. In contrast,
subjective theory posits that candidates choose the job that, in their estimation, holds the
most promise for meeting their psychological needs. Applied to education, this theory
suggests that teachers’ job choices might be heavily influenced by “the fit between a
person’s psycho-social needs and the organizational climate of a school or district”
(Pounder & Merrill, 2001, p. 289). Finally, as described by Pounder and Merrill (2001),
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critical contact theory proposes that the candidate is incapable of differentiating
between firms on the basis of objective or subjective criteria because (a) the depth
of contact with the firm is too limited, (b) recruiting firms tend to blur the
differences between competing organizations, and (c) the candidate lacks
experience to evaluate the information provided by the firm.(p. 32)
As a result, candidates use alternative criteria such as “the appearance and behavior of the
recruiter, the nature of the physical facilities, and the efficiency of processing the
paperwork associated with [their] application” (Behling et al., 1968, p. 17, as cited by
Pounder & Merrill, 2001).
Several experimental studies by I. Phillip Young and associates have yielded
findings that seem more consistent with subjective theory and critical contact theory than
with objective theory. They have found that teachers find recruitment messages that
emphasize the work environment and the work itself more appealing than those that
stress financial incentives (Young et al., 1989). Young and colleagues have also found
that characteristics of the organizational representatives who conduct hiring can also
affect the perceptions of teacher candidates. Teachers are more likely to view a job as
desirable when the interviewer for the position exudes warmth (Young & Heneman,
1986) or is racially similar to the candidate (Young et al., 1997).
Recent research has also suggested a relationship between the characteristics of
the hiring process itself and teachers’ perception of a job’s desirability. In a survey of 152
new teachers in a large urban district, Winter, Ronau, and Muñoz (2004) found that
scores on a hiring process scale (which measured such process attributes as ease of
application, length of the process, and timeliness of screening) were the most powerful
predictor of attraction to a teaching job in that district. A high score on the hiring process
scale was associated with a high rating of the attractiveness of the job.
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Winter et al’s study drew upon recruitment-as-marketing theory from the private
sector (Maurer, Howe, & Lee, 1992; Smither, Reilly, Millsap, Pearlman, & Stoffey,
1993), which maintains that “to obtain applicant decisions…favorable to the hiring
organization, the organization should present itself in the most favorable way possible
and conduct its recruitment and selection procedures in a matter that is maximally
attractive to job applicants” (Winter et al., 2004, p. 89). While such an approach to the
recruitment stage of the hiring process appears commonsensical, it may have certain
disadvantages resulting from its narrow focus on candidates’ pre-employment decisions
without much consideration for post-hire consequences. Marketing messages that exclude
some of the challenging aspects of a job or the difficult realities of a school workplace
may actually hinder the ability of a school and an individual to determine whether they
are a good match for one another. A rosy marketing message may get a candidate to
apply for and accept a position, but might also lead to misjudgments of fit, inaccurate
expectations, and later dissatisfaction with the job. Indeed, some researchers in
management studies argue that instead of presenting applicants with messages that are
entirely positive, recruiters ought to provide accurate and complete job descriptions.

Realistic Job Previews
Considerable research outside of education has focused on “realistic job
previews” (RJPs), in which recruiters provide job applicants with accurate descriptions of
the job—descriptions that include both positive and negative aspects of the job (Breaugh,
1983; Breaugh & Starke, 2000; Dugoni & Ilgen, 1981; Meglino, Ravlin, & DeNisi, 2000;
Phillips, 1998; Premack & Wanous, 1985; Wanous, 1980; Wanous & Poland, 1992). In
an early review of the RJP literature, Breaugh (1983) identified four hypotheses that
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underpin much of the research on RJPs. The “met expectations” hypothesis posits that
initial job expectations of applicants tend to be unrealistically high. Realistic job
previews lower these expectations, thus making it more likely that the expectations are
met when the new hire confronts the realities of the job. As a result, new employees are
more likely to be satisfied with their jobs and less likely to leave voluntarily.
A second hypothesis is that RJPs influence satisfaction and retention by
improving new employees’ ability to cope with the demands of the job. As posited by
Dugoni and Ilgen (1981), “if employees are made aware of problems to be faced on the
job, they cope with such problems better when they arise, either because they are less
disturbed by the problems about which they have been forewarned or because they may
prerehearse methods of handling these problems” (as cited in Breaugh, 1998 p. 613).
A third hypothesis is that realistic job previews convey a diffuse, underlying
message of honesty, care, and concern (Breaugh, 1983; Hom, Griffeth, Palich, &
Bracker, 1998; Popvich & Wanous, 1982). This can lead to increased commitment and
satisfaction on the part of new employees.
Finally, some researchers hypothesize that RJPs lead to self-selection on the part
of applicants and that, with better information, applicants select jobs that better meet their
needs. This is similar to the argument that the hiring process influences the fit between
new teachers and their jobs and that this, in turn, leads to greater job satisfaction.
Research testing each of these hypotheses has provided some confirmatory
evidence of the effects of RJPs on outcomes such as job satisfaction, commitment, and
survival/attrition, though the findings are mixed (Breaugh & Starke, 2000; Meglino et al.,
2000; Phillips, 1998; Wanous & Poland, 1992). Much of the research has consisted of
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experiments in which researchers manipulate the information job applicants receive,
either in a field or laboratory setting. The realistic job previews in these experiments,
though, typically consist of only written information (such as a brochure), a video, or
some sort of spoken communication. Moreover, much of the research on RJPs has been
conducted with entry-level jobs in service industries—bank teller, life insurance agent,
sales clerk, and clerical worker—jobs that are quite different from teaching. Whereas a
brochure, video, or presentation might provide a realistic job preview for some of these
jobs, these hiring practices might not be sufficient to provide prospective teachers with a
realistic preview of schools and teaching jobs. Teaching is more fluid and uncertain than
some of the aforementioned jobs, and teachers depend a great deal on their colleagues
and clients (students) for their success and satisfaction (Cohen, 1988; Murnane & Levy,
1996). Still, the research on RJPs is useful to consider, for it points to the importance of
conducting hiring in ways that provide candidates, as well as those doing the hiring, with
comprehensive and accurate information.

School and District Hiring Practices
The amount and quality of information that is exchanged between new teachers
and employers is influenced by the decisions school districts make about how to organize
the hiring process. For instance, school districts make important decisions about who
hires teachers. Some districts rely on centralized processes, where hiring occurs at the
district level, whereas others rely on decentralized processes, where hiring happens at the
schools.
District-Based versus School-Based Hiring. In district-based hiring,
administrators at the central office carry out most of the hiring activities and have overall
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responsibility for assigning new teachers to positions in schools throughout the district.
Centralized processes typically rely on standardized procedures for processing large
batches of applications, and they tend to use generic job descriptions, interview protocols,
and criteria for evaluating candidates. One of the consequences of adopting a districtbased approach, however, is that it does not take into account the specific characteristics
of teaching vacancies (for example, subject area or grade level) and the particular needs
of local contexts (for example, the student population served or the professional culture
of the school).
In school-based hiring, individual schools review candidates and can, from the
start, decide whether they fit the requirements of a particular position and the specific
needs and culture of the school. School-based, or decentralized, hiring can incorporate
concerns about local needs and the local context. The process is potentially more
customized. Principals and teachers (and, sometimes, students and parents), who have the
authority to hire, often devise their own criteria, activities, and interview questions for
evaluating candidates.
Many school districts fall somewhere between these two extremes of
centralization and decentralization, dividing hiring activities between the central office
and the school site. Typically, a district’s central office performs early hiring activities,
such as the initial screening of paper credentials, while school-based administrators make
the final decisions regarding whom to hire. These mixed hiring systems allow districts to
maintain some system-wide control while also providing individual schools with a say in
the hiring decisions, but they can be hard to coordinate.
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The Importance of an Information-Rich Hiring Process. More important than
the locus of hiring activity, however, is the nature of the hiring practices and interactions.
A school-based hiring process, while it has many benefits, does not guarantee a rich
exchange of information between candidates and schools (Liu, 2002). Even when
districts decentralize hiring decisions, schools might continue to use hiring activities that
are relatively information-poor. Ultimately, it is what the school actually does that will
determine whether the new teacher and those already at the school have a good
understanding of one another. If a hiring process is to lead to good hiring decisions for
both schools and teaching candidates, it must be interactive and information-rich.
Information-rich hiring processes rely on various activities including interviews
with a wide cross-section of the school community, teaching demonstrations, and
observations of classes or staff meetings. They provide both candidates and those doing
the hiring with multiple opportunities to collect information about and form impressions
of one another. In contrast, information-poor hiring processes use activities that either
provide insufficient information or that transmit information in only one direction, from
candidate to potential employer. Many districts and schools rely heavily on collecting and
reviewing materials such as résumés, college transcripts, letters of recommendation, or
writing samples. Although these materials are important and useful for evaluating
candidates, they transmit information in only one direction. Information-poor hiring may
include a single interview with the principal or a few administrators. As a result, teaching
candidates may have little opportunity to interact with and form impressions about
potential colleagues and students, and may receive scant information and a narrow
perspective on the school.
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Research Questions
This article addresses the four following research questions, linking the
organization of teacher hiring to the experiences of new teachers:
1. Does the hiring process provide new teachers with accurate previews of their schools
and jobs?
2. From the point of view of new teachers, to what extent are their current teaching
positions a good fit with their individual interests, skills, and expertise?
3. Are new teachers who experienced information-rich hiring more satisfied with their
jobs than new teachers who experienced information-poor hiring?
4. Do new teachers who experienced information-rich hiring processes report higher
levels of fit with their schools and positions, than new teachers who experienced
information-poor hiring processes?

RESEARCH DESIGN1
I conducted this research in four states: California, Florida, Massachusetts, and
Michigan. I chose these states because they share certain key policy features and because
they are diverse in size, population, and geographic location. All four states are
experiencing some degree of teacher shortage; all have alternative routes to certification;
all have charter school legislation; all have adopted standards in core subjects; all use
criterion-referenced assessments aligned to standards; and all are collective bargaining
states. Notably, there is variation across the four states in terms of geographic region,
student population, school size, student achievement, teacher salaries, per pupil spending,
teacher participation in alternative routes to teaching, number of charter schools, and
percent of teachers from accredited teacher education programs (see Appendix A).

1

This study is part of a larger survey study designed by Edward Liu and Susan Kardos, researchers at the
Project on the Next Generation of Teachers. Collaboratively, we designed a survey that explored both new
teachers’ experiences of hiring and their experiences of professional culture (Kardos, 2001; Liu, 2002; Liu
& Kardos, 2002).
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Sampling Procedures and Data Collection
The sample consists of 486 first-year and second-year, K-12 public school
teachers (excluding Arts and Physical Education). To draw the sample, I used two-stage
stratified cluster sampling (Levy & Lemeshow, 1999; Light, Singer, & Willett, 1990;
Louis M. Rea & Richard A. Parker, 1997). In stage one of our sampling process, I
stratified schools by state, school level (elementary, middle, high), and school type
(charter, non-charter), in order to ensure adequate representation along each stratum.
Working from lists of schools from the U.S. Department of Education’s Common Core of
Data, I drew a total of 258 schools: 59 in California, 58 in Florida, 62 in Massachusetts,
and 79 in Michigan.2 I over-sampled in the smaller states and under-sampled in the larger
ones to enable us to conduct supplementary analyses within each state.3 I also oversampled charter schools to facilitate subgroup analysis. In my analyses, I incorporated
sampling weights to correct for the over- and under-sampling.
In order to improve the ultimate precision of parameter estimates in our analyses,
I drew the sample of schools in proportion to the number of students in each school,
which served as a proxy for the number of new teachers, an unknown quantity (Levy &
Lemeshow, 1999). I contacted principals in each of the schools and asked for names and
teaching assignments of all first-year and second-year teachers in their building. Seventytwo percent of the selected schools agreed to provide lists of teachers.4

2

Because we suspected that recently opened charter schools might not be reflected in the US Department
of Education’s Common Core of Data, we also consulted state documents and websites when putting
together our sampling frame.
3
In addition, we drew more schools in Michigan, because Michigan was experiencing less of a teacher
shortage than the other three states, and had fewer new teachers per school.
4
The school response rates for each state were: 64% in California; 71% in Florida ; 82% in Massachusetts
schools; and 71% in Michigan.
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All new teachers in each randomly selected school were included in the sample
(stage two of our sampling process). I was given the names of 751 first-year and secondyear teachers. I then sent each new teacher an introductory letter quickly followed by the
questionnaire with an accompanying cover letter. As an incentive to participate, all
respondents who returned completed surveys were sent a $15 gift certificate for an online
bookstore. I sent a series of reminders to non-respondents over the course of two
months.5
I achieved a teacher response rate of 65% (486 teachers) using strategies devised
in our pilot-study (Dillman, 1991; Kardos, 2001; Keiley, 1996; Liu, 2002).6 Analysis of
patterns of response and non-response suggests that I have a reasonably representative
sample. To explore possible sources of selection bias, I used data from the survey and
public sources to compare the group of responding schools to the group of nonresponding schools, and the group of responding teachers to the group of non-responding
teachers.7
There are no statistically significant differences between responding and nonresponding schools in terms of the following measures: average faculty size, average size
of student population, percentage of students eligible for free or reduced price lunch,
eligibility for Title I funds, and percentage of African-American and Hispanic students.
This is true for both the full four-state sample and the individual state samples. At the
level of the individual teacher, there are no (or very minor) differences between
5

Our mailing and communications strategy was modeled on Keiley (1996) who achieved a 91% response
rate in her dissertation study. The mailings were addressed to each individual teacher and sent to his or her
school address.
6
Our individual response rates for this 4-state study are as follows: 60% in CA; 63% in FL; 67% in MA;
and 69% in MI.
7
School-level data were obtained from the US Department of Education’s Common Core of Data and from
state departments of education. We consulted state databases to fill in gaps in the Common Core of Data.
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responding teachers and non-responding teachers in terms of the following: gender,
teaching experience (first year or second year), school type (charter school or
conventional), grade level, primary teaching assignment, and school locale (urbanicity).
I did find three possible sources of bias. In California, the group of responding
schools included a much lower proportion of middle schools than the group of nonresponding schools. In Florida, the responding schools included a higher proportion of
elementary schools and a lower proportion of middle schools than the non-responding
schools.8 At the teacher level, non-respondents in Michigan were more likely to teach in
urban schools and schools with higher proportions of African-American and Hispanic
students than respondents.

Measures
I measured new teachers’ experiences of hiring using an 85-item survey
instrument that I administered to the sample of teachers. I designed this instrument based
on a review of the hiring and questionnaire-design literatures (L. M. Rea & R. A. Parker,
1997; Sudman & Bradburn, 1982) and the NCES School and Staffing Survey (19992000). In developing the instrument, I used focus groups of teachers to assess the clarity
of questions and estimate the time required to complete the survey. I also piloted the
questionnaire by administering it to 110 first- and second-year teachers in New Jersey.
The survey instrument contains items that:
•

Request basic demographic information about the new teachers (Age, Gender,
Race, Marital Status, Educational Level);

•

Request information from the new teachers about their teacher preparation, school
workplace, current teaching assignments, career stage, and views on career;

8

In Massachusetts and Michigan, there are no significant group differences in school level.
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•

Ask about the people with whom teachers interacted during the hiring process, the
materials they were asked to submit, and the activities they were asked to do as
part of their applications;

•

Ask new teachers about the fit between their skills, interests, and expertise and the
positions they ultimately obtained;

•

Measure to what extent the hiring process provided candidates with information
that might have helped them develop an accurate picture of the school/position.
Table 1 presents descriptive statistics for the variables that I use in my analyses.

The outcome variables, SATJOB, FITSCH, and FITJOB, are composite measures that I
created from multiple indicators. Using classical item analysis and principal components
analysis (PCA) of 16 dichotomous indicators, I developed a composite variable,
SATJOB, to measure new teachers’ satisfaction with their job (Cronbach’s alpha
reliability =.73). Seven indicators were retained in the final composite and responses
were summed across indicators within each person to create a variable with a range of 0
to 7. The strategy of using a set of dichotomous Yes/No questions to measure job
satisfaction followed that of Ironson et al (1989).
Similarly, I developed two other composite variables to measure the reported fit
between new teachers and their positions (FITJOB) and between new teachers and their
schools (FITSCH). FITJOB was formed by averaging responses, within person, across
five items that were each measured on a five-point Likert scale, with 1 indicating “very
poor match” and 5 indicating “very good match.” FITSCH was formed from the average
of six items. These two measures have reasonably high levels of internal reliability—
Cronbach’s alpha is .73 for FITJOB and .83 for FITSCH.9

9

PCA and reliability output is available upon request.
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I also used classical item analysis and principal components analysis to create the
key question predictor, PREVIEW, to measure the extent to which new teachers felt they
obtained a comprehensive and accurate picture of their school from the hiring process
(Cronbach’s alpha reliability = .89). This composite was formed by averaging the
responses, within person, across nine items that were each measured on a seven-point
Likert scale, with “1” indicating strong disagreement and “7” indicating strong agreement
with a set of propositions such as, “From the hiring process, I got an accurate picture of
the curriculum that I would be teaching” and “From the hiring process, I got an accurate
picture of how much autonomy I would have as a teacher at the school.” This measure is
different from those used in the realistic job preview literature in that attempts to capture
new teachers’ assessment of the entire hiring experience rather than indicate the presence
or absence of a specific and narrow hiring intervention or “treatment.” The other
variables in Table 1 are all dichotomous measures and serve as control predictors.10

10

For school SES, school size, and teacher age we created dichotomous variables from what were
originally continuous measures. We did this after examining bivariate plots of the outcome SATJOB versus
the individual predictors to check the assumption of linearity. For these three variables, the plots did not
look linear. Because the plots also did not look curvilinear, there was no obvious way to transform the data.
As a result, we settled on the strategy of creating a set of dummies with categories that had substantive
meaning and followed the precedent of analyses conducted by others (Editors, 2003; Education Trust,
2003).
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Table 1: Descriptive statistics for variables used in the analysis
All statistics, except for standard deviations, take into account the complex nature of the survey sample.
Mean

Standard
Error

Standard
Deviation

Outcome Measures
SATJOB

New teacher’s satisfaction with job (scale: 0 to 7)

4.19

.23

1.96

FITSCH

Reported fit with school (scale: 1 to 5)

3.50

.11

.79

FITPOS

Reported fit with position (scale: 1 to 5)

4.04

.08

.67

PREVIEW

New teachers’ perception that the hiring process
gave them an accurate picture of their future school
(scale: 1 to 7)

4.10

.16

1.31

CLASSOB

Observed classes as part of hiring process

.35

.056

Hiring Measures

New Teacher Characteristics
YOUNGER

25 years or younger

.17

.040

MALE

Male new teacher

.13

.032

MINORITY

New teacher of color

.44

.059

BAPLUS

Holds educational degree beyond bachelor’s

.14

.044

FIRSTYR

First year teacher (0=2nd year teacher)

.53

.058

MIDCAR

Mid-career entrant (0=first career)

.46

.064

NOTRAD

Did not complete traditional teacher preparation

.20

.047

PSUBMST

Primary teaching assignment is math, science, or
technology

.07

.014

SPED

Teaches special education

.07

.022

PREWORK

Served as student teacher or aide at the school

.18

.053

School Characteristics
SMALLSCH

Small school: elementary school with 350 or fewer
students, middle school with 800 or fewer students,
high school with 900 or fewer students.

.05

.014

ES

Elementary school

.83

.029

P15

School where less than 15% of students are on free
or reduced price lunch

.09

.046

P50

School where greater than 50% of the students are
on free or reduced price lunch

.67

.084

CHART

Teaches in charter school

.02

.010

CITY

Urban school as designated by NCES (large or
small city)

.42

.105

State Dummy Variables
CA

New teacher teaches in California

.88

.013

FL

New teacher teaches in Florida

.06

.008

MA

New teacher teaches in Massachusetts.

.02

.002

MI

New teacher teaches in Michigan (omitted)

.05

.007
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METHODS
In all of my data analyses, I use methods of estimation that are appropriate for the
complex design of my survey sample, with suitable cluster, strata, and sample weight
designations incorporated into the analyses. These methods allow me to avoid biased
point estimates and inappropriately estimated standard errors that might occur as a result
of ignoring clustering and stratification effects. Treating schools as the principal sampling
unit (PSU) in my analyses permits the residuals for teachers within a school to have a
general error covariance structure, including the possibility that teachers within a school
are not independent.11 As a result, the standard errors that I use in my hypothesis tests are
conservative.
Below, I summarize several measures of hiring, estimating descriptive statistics
and displaying data in a series of tables for the combined four states and for each state
individually. Because of its size, California dominates the four-state sample, and the
responses of California teachers are weighted quite heavily in calculations of averages or
proportions for the full four-state sample. In reporting findings below, I break out data by
state and indicate when state level differences are statistically and substantively
important.
To examine the relationship between job satisfaction and accurate job preview, I
used GLS regression analysis to regress the composite variable representing job
satisfaction on PREVIEW, with appropriate control variables. A typical regression model
to test my hypothesis is:
11

The variance estimators used in the svy commands in the STATA software package make minimal
assumptions about the nature of the sample. They allow any amount of correlation among teachers within
the primary sampling units (in our case, schools). Thus, teacher residuals within a school are not required to
be independent.
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SATJOBi = β0 + β1 [PREVIEW] + γZi + εi
where i represents the individual teacher, β1 is the parameter representing the relationship
between satisfaction with job and accurate job preview, γ is a vector of parameters
associated with Zi , a vector of controls, and εi is the residual. I also evaluated whether
two-way interactions between PREVIEW and selected control variables are statistically
significant predictors of the outcome. I conducted similar analyses with two additional
outcome variables: fit with school (FITSCH) and fit with position (FITPOS).

FINDINGS
Does the hiring process provide new teachers with a comprehensive and accurate
preview of their school?
On average, new teachers in the four states report that they form only moderately
accurate pictures of their schools from the hiring process. The composite variable
PREVIEW measures, on a scale from 1 to 7, the extent to which new teachers feel they
obtained a comprehensive and accurate picture of their individual schools from the hiring
process. Table 2 presents the mean PREVIEW scores in each state, and in the four-state
pool. The state means are between of 4.03 (CA) to 4.81 (MI), which correspond to
responses between “Neutral” and “Somewhat Agree” with the general proposition that
they formed an accurate picture of what their school was like from the hiring process
(1=strongly disagree… 7=strongly agree). The second row of the table shows that, in
California, Florida, and Massachusetts, less than half of new teachers could say that they
at least “somewhat agree” that the hiring process gave them an accurate picture of their
school. In Michigan, just over half (51.5 percent) could say this.
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How good is the fit between new teachers and their schools and teaching positions?
Table 3 presents statistics describing the reported fit between new teachers and
their jobs (FITJOB) and between new teachers and their schools (FITSCH). Overall, new
teachers in the pooled group of four states report a “good” fit with their position (mean
FITJOB = 4.04) and just a “moderate” to “good” fit with their school (mean FITSCH =
3.50). The .54 difference between new teachers’ mean fit with position and their mean fit
with school is statistically significant (t=5.90; p<.001).
While the differences across states in mean fit with job are not statistically
significant, the differences in mean fit with school are statistically significant. New
teachers in Michigan report a statistically significant higher level of fit with their schools
than new teachers in the other three states. This is consistent with the state’s higher
PREVIEW scores. Thus, hiring practices in Michigan may provide new teachers with
more accurate pictures of their future schools, which may be contributing to better
matches between individuals and their schools.
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Table 2: Preview of the School Obtained from the Hiring Process
Selected weighted statistics regarding the picture that new teachers get from the hiring process, reported by
total population of new teachers in the pooled group, and by state (with standard errors in parentheses). The
composite variable PREVIEW measures the extent to which new teachers feel they formed a
comprehensive and accurate picture of their school from the hiring process (Cronbach’s alpha reliability =
.89), and is measured on a seven-point Likert scale, with “1” indicating strong disagreement and “7”
indicating strong agreement.
4-States
CA
FL
MA
MI
n=486
n=112
n=113
n=144
n=117
Mean PREVIEW score

4.10**
(.16)

4.03
(.18)

4.47
(.19)

4.56
(.09)

4.81
(.15)

Percentage of new teachers with a
PREVIEW score of 5 (somewhat
agree) or above

29.0%*
(4.5)

27.0%
(5.0)

40.0%
(8.1)

34.7%
(6.6)

51.5%
(7.6)

Percentage of new teachers with a
PREVIEW score of 6 (agree) or 7
(strongly agree)

7.7%
(3.1)

6.9%
(3.5)

13.2%
(4.1)

7.8%
(2.4)

15.3
(3.1)

Note: For categorical variables, a Pearson Chi-Square statistic, corrected for the survey design, was estimated to
test the null hypothesis that the responses are identical by state. For continuous variables, I tested the hypothesis
that the state means were identical. An asterisk on the 4-state statistic indicates that the responses are not
independent of state, and thus some of the state-level differences are statistically significant.
~p<.10; * p<.05; ** p<.01; *** p<.001

Table 3: Measures of Fit with Position and School (n=486)
Mean fit with position and school as reported by new teachers in the total population of the pooled group,
and by state (standard errors in parentheses). The scale for these measures ranges from 1=very poor match
to 5=very good match.
4-States
CA
FL
MA
MI
n=486
n=112
n=113
n=144
n=117
Mean Fit with Position (FITJOB)

4.04
(.08)

4.04
(.09)

3.98
(.10)

3.96
(.10)

4.12
(.08)

Mean Fit with School (FITSCH)

3.50**
(.11)

3.48
(.12)

3.52
(.16)

3.53
(.09)

3.88
(.08)

Note: I tested the hypothesis that the state means were identical. An asterisk on the 4-state statistic indicates
that the responses are not independent of state, and thus some of the state-level differences are statistically
significant. ~p<.10; * p<.05; ** p<.01; *** p<.001
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Are new teachers who experienced information-rich hiring more satisfied with their
teaching jobs than new teachers who experienced information-poor hiring?
Table 4 presents the results of fitting GLS regression models to examine the
relationship between new teacher job satisfaction and hiring experiences. The first model
in the table is a baseline model that includes just the key question predictor, PREVIEW,
and a set of dummy variables indicating the state in which each teacher teaches (included
as a design control). Model 2 adds a set of predictors to control for selected school
characteristics. Model 3 introduces a set of teacher characteristics as predictors. Model 4
adds two predictors indicating whether the new teacher teaches in the shortage areas of
math, science and technology or special education, and a predictor indicating whether the
new teacher currently teaches in a school in which he or she previously served as a
student teacher or aide. This last predictor is included since one might expect new
teachers who were, in a sense, hired from within, to experience the hiring process
differently from those who have no previous relationship with the school. Model 5
includes a set of interaction terms as predictors (though it does not include all of the
interactions that were tested).
In all of the fitted regression models in Table 4, the estimated regression
coefficient for PREVIEW is positive and statistically significant. Thus, higher levels of
PREVIEW are associated with higher levels of job satisfaction (SATJOB). This can be
interpreted to mean that new teachers who report that the hiring process gave them a
comprehensive and accurate picture of their school (i.e., a good preview) are, on average,
more satisfied with their jobs than those who report that the hiring process did not give
them a comprehensive and accurate picture of their job—a pattern that is consistent with
the hypothesis that new teachers who experience information-rich hiring process are
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more satisfied than those who experience an information-poor process. In other words,
better job previews are associated with higher levels of job satisfaction. In Model 4,
which includes the full set of control variables but no interaction terms, the coefficient on
this main effect of PREVIEW is .315, which corresponds to .16 of a standard deviation of
SATJOB. A one-unit difference in PREVIEW is thus associated with a .16 SD difference
in job satisfaction, controlling for all of the other predictors in the model.
Model 4 contains some noteworthy side findings: (1) New teachers in high-SES
schools are, on average, more satisfied with their jobs than new teachers in low-SES
schools ( β̂ P15=1.102, p-value=.007); (2) New teachers who did not complete a traditional
university-based teacher preparation program are, on average, less satisfied than new
teachers who completed traditional teacher preparation ( β̂ NOTRAD= -.969, p-value=.040);
and (3) new teachers whose primary teaching assignment is math, science, or technology
are, on average, less satisfied with their jobs than new teachers who teach other subjects
( β̂ PSUBMST= -1.065, p-value=.002). These differences each amount to approximately half
a standard deviation in SATJOB.
Model 5, which includes selected interaction terms, reveals two statistically
significant interactions: a positive interaction between PREVIEW and charter/non-charter
school status (CHARTER), and a negative interaction between PREVIEW and a measure
of school poverty (P50). This suggests that the relationship between job satisfaction and
the quality of job preview differs according to charter status and according to school SES.
It is somewhat surprising that there was no statistically significant interaction
between PREVIEW and PREWORK. One would expect that the effect of a good job
preview would be different for teachers who previously worked at their school as a
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student teacher or aide than for new teachers who had no prior relationship with the
school. The former group would have inside information on the school and might thus be
less dependent on the hiring process as a source of information. It is also somewhat
surprising that the coefficient for the main effect of PREWORK in Model 4 (the model
without interactions) is negative and statistically significant at the p<.10 level. One would
have expected that these individuals might be more satisfied on average than outside
hires.
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Table 4: Taxonomy of fitted regression models for the relationship between new teacher job
satisfaction (SATJOB: range 0 to 7) and their hiring experience (PREVIEW)
Model 1
Intercept
State
CA
FL
MA
Hiring Measure (key predictor)
PREVIEW

Model 2

Model 3

Model 4

Model 5

2.442**
(.945)

1.602~
(.843)

2.340**
(.909)

2.887**
(.885)

1.163
(.804)

.012
(.332)
-.563~
(.326)
-.197
(.302)

.363
(.283)
-.383
(.344)
-.371
(.315)

.320
(.362)
-.373
(.405)
-.155
(.438)

.233
(.351)
-.437
(.388)
-.151
(.419)

.303
(.361)
-.337
(.412)
-.217
(.428)

.433*
(.190)

.375*
(.182)

.298~
(.170)

.315~
(.169)

.710***
(.132)

-.694
(.505)
1.046**
(.417)
-.134
(.546)
.095
(.323)
1.017*
(.519)
-.189
(.495)

-.815
(.628)
1.377***
(.374)
.516
(.383)
-.126
(.389)
.620
(.448)
-.442
(.452)

-.858
(.675)
1.102**
(.404)
.258
(.393)
-.056
(.350)
.469
(.430)
-.402
(.444)

-5.197**
(2.088)
2.887~
(1.691)
2.757**
(1.047)
1.764
(1.114)
.427
(.444)
-.298
(.416)

-.239
(.392)
-.177
(.408)
-.605
(.424)
-.816
(.561)
-.145
(.532)
.455
(.363)
-.969*
(.467)
-1.065**
(.335)
-.322
(.469)
-.664~
(.388)

-.146
(.383)
-.020
(.410)
-.568
(.442)
-.808
(.537)
-.155
(.508)
.496
(.354)
-1.177**
(.460)
-1.010**
(.36)
-.489
(.424)
-1.605
(1.290)

.257
9.45
(20, 109)
.000
478

1.006*
(.465)
-.416
(.314)
-.608**
(.190)
-.354
(.239)
.173
(.244)
.299
17.15
(25, 104)
.000
478

School Characteristics
Charter
P15 (High SES school)
P50 (Low SES school)
Small School
Elementary
City
Teacher Characteristics
Younger

-.179
(.396)
-.373
(.490)
-.627
(.400)
-.646
(.548)
-.144
(.539)
.434
(.358)
-.891
(.454)

Male
Minority
BA plus education
First-year teacher
Mid-career entrant
No traditional preparation
Science, Math, Tech
Special Education
PREWORK (worked at the
school as student teacher or aide)
Interactions
PREVIEW x Charter
PREVIEW x p15
PREVIEW x p50
PREVIEW x Small school
PREVIEW x PREWORK
R-sq
F(df)
P of F
Observations (n)

.095
2.77
(4, 126)
.030
482

.158
9.04
(10, 120)
.000
482

.229
7.30
(17, 112)
.000
478

~p<.10; * p<.05; ** p<.01; *** p<.001
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Comprehensive and accurate job previews matter more for new teachers in
charter schools than they do for new teachers in conventional schools. Figure 1
displays fitted plots of SATJOB versus PREVIEW for prototypical teachers in
conventional and charter schools. The solid line in the figure represents the fitted
relationship between job satisfaction and the quality of the job preview for new teachers
in charter schools, whereas the dashed line represents the same relationship for new
teachers in conventional schools. The steeper slope of the solid line indicates that, for
new teachers in charter schools, job satisfaction is more strongly associated with the
quality of the job preview than it is for new teachers in conventional schools.
Comprehensive and accurate job previews appear to matter more for the job satisfaction
of new charter school teachers than they do for the satisfaction of new teachers in
conventional schools.
The two fitted lines in Figure 1 cross at the PREVIEW value of 5.2 (PREVIEW=5
is the point on the scale where, overall, a new teacher reports that she “somewhat agrees”
that the hiring process gave her an accurate picture of her school). To the left of 5.2, the
fitted line representing charter school teachers is below the line representing teachers in
conventional schools. Thus, for PREVIEW values less than 5.2, new teachers in charter
schools are, on average, less satisfied with their jobs than their counterparts in
conventional schools. Above PREVIEW=5.2, however, new charter school teachers are,
on average, more satisfied with their jobs than new teachers in conventional schools—
reflected in the fact that the charter school line is now above the conventional school line.
In other words, in situations where the hiring process does not provide new teachers with
a good preview of their job, charter school teachers are less satisfied with their jobs than
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noncharter school teachers. However, when the hiring process does provide new teachers
with good previews of their jobs, charter school teachers are more satisfied than
noncharter school teachers.

Figure 1: Plots showing the fitted relationship between new teachers’ job
satisfaction (SATJOB) and the extent to which the hiring process gave them a
comprehensive and accurate picture of their school (PREVIEW), for
prototypical new teachers in charter schools and in conventional schools (with
all other predictors set to their mean values). Plots are derived from fitted Model 5
in Table 4.
7

6

Charter

Job Satisfaction

5
Conventional

4

3

2

1

0
1

2

3

4

5

6

7

Preview
Teachers in conventional schools

Liu – AERA 2005 – DRAFT

Teachers in charter schools

29

What might explain this pattern of findings? A number of differences between
charter and conventional schools provide possible explanations for why job previews
might have a stronger effect on the job satisfaction of new teachers in charter schools
than on that of new teachers in conventional schools. For one thing, charter schools and
conventional schools differ in job intensity. Researchers have documented the intense,
and sometimes chaotic, environments within many charter schools and the high demands
that many place on teachers (Johnson & Landman, 2000). Knowing ahead of time that
this is the type of work environment that one is signing up for may lead to higher job
satisfaction for new teachers, whereas failure to get a sense of this from the hiring process
may lead to unhappy surprises and dissatisfaction. This explanation is a version of the
“ability to cope” hypothesis in the realistic job preview literature. If new teachers find out
through the hiring process that the job demands in a charter school are going to be
intense, they may more easily cope with the demands and feel satisfied. In addition, some
may relish the intensity and actively choose it.12
Another reason why good job previews might be more important for new charter
school teachers is that these individuals might be more susceptible to having unrealistic
expectations. Charter schools are surrounded by a great deal of rhetoric. Proponents tout
their innovativeness, flexibility, lack of bureaucracy, empowerment of teachers, and
sense of community (Finn, Manno, & Vanourek, 2001). Many of these schools have
mission statements that are very idealistic and ambitious. New teachers in charter schools
may thus be more likely than new teachers in conventional schools to have unrealistically
high expectations, either because they have been influenced by the positive rhetoric
12

Differences in job intensity are particularly relevant given the nature of my job satisfaction measure. This
measure emphasizes the aspects of teacher job satisfaction that pertain to the do-ability of the job and
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surrounding charter schools or because they are a unique group of individuals who have
high expectations of their jobs and the organizations for which they work. Regardless, by
lowering their expectations to more realistic levels, good job previews increase the
likelihood that a new teacher’s expectations will be met and, as a result, be more satisfied
with his or her job.
A third reason why a good job preview might be more important for charter
school teachers than for noncharter school teachers is that charter schools are more likely
to differ from the schools that new teachers themselves attended. This becomes important
when one considers that the hiring process is not the only source of information that
candidates might have about what a school is like. A large proportion of teachers teach in
a school that is close to where they themselves grew up (Boyd, Lankford, Loeb, &
Wyckoff, 2003). As a result, they may have had considerable prior knowledge about what
that school was going to be like, either through informal networks or simply by
extrapolating from their own experiences as a student in a similar school. This however,
is more likely to be true of teachers in conventional schools than teachers in charter
schools, since charter schools are a relatively new phenomenon. Without these other
sources of information, teachers in charter schools may thus depend on the information
they receive from the hiring process more than new teachers in conventional schools.
This may help explain why job satisfaction is more strongly related to the quality of job
preview for the former group than it is for the latter.
The above explanation is also consistent with the crossing pattern depicted in
Figure 1. At low levels of PREVIEW, new teachers in conventional schools report, on
average, moderate job satisfaction. Even though the hiring process did not provide them

strong feelings of contentment.
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with much of a preview of their future school, they are still moderately content with their
jobs. Perhaps they had other sources of information that gave them a reasonable sense of
what they were signing up for. For new teachers in charter schools, however, the story is
quite different. At low levels of PREVIEW, new teachers in charter schools report very
low levels of job satisfaction. It appears that, since the hiring process might be their sole
or major source of information about what the school is like, when it does not provide
them with a comprehensive and accurate preview, they end up being dissatisfied with the
job. The predicted difference in job satisfaction between charter school teachers and
conventional schools teachers at low levels of PREVIEW is quite large (at PREVIEW=2,
the gap is over 3 units of SATJOB). However, at higher levels of PREVIEW this
difference disappears and, in fact, switches directions. At higher levels of PREVIEW,
when the hiring process does give new teachers a good sense of what their schools will be
like, new teachers in charter schools are, on average, more satisfied with their jobs than
new teachers in conventional schools.
Comprehensive and accurate previews appear to have little effect on job
satisfaction for new teachers in low-SES poverty schools. Figure 2 displays fitted plots
of SATJOB versus PREVIEW for two prototypical subgroups of new teachers. The solid
line represents the fitted relationship between job satisfaction and the quality of the job
preview for new teachers in low-SES schools (schools in which greater than 50 percent of
the students are eligible for free or reduced price lunch), whereas the dashed line
represents the same relationship for new teachers in higher-SES schools (schools in
which 50 percent or fewer of the students are eligible for free or reduced price lunch).
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The solid line is very flat, indicating that, for new teachers in low-SES schools,
there is almost no fitted relationship between job satisfaction and the quality of the job
preview that they experience during the hiring process. In contrast, in higher-SES schools
the dashed line is quite steep, indicating a strong fitted relationship between SATJOB and
PREVIEW for new teachers.
What might account for the lack of a relationship between SATJOB and
PREVIEW for new teachers in low-SES schools? In other words, why wouldn’t an
accurate and comprehensive job preview lead to higher job satisfaction for these
teachers? One possibility is that the working conditions in low-SES schools are so
challenging and the demands on teachers so high that the mechanisms by which a good
job preview contributes to job satisfaction break down. For instance, a good job preview
might do little to help new teachers cope any better with the difficulties of teaching in a
low-income school. Good job previews may do little to help these teachers prepare for
future job difficulties, because the types of challenges they face turn out to be very
complicated and unfamiliar, and they do not already have the skills to handle them. New
teachers who are committed to teaching in low-income schools might also be particularly
idealistic. As a result, they might not lower their expectations of schools and teaching
after experiencing an accurate job preview.
It may also be the case that, given the negative depictions of low-SES schools in
society, new teachers have low rather than unrealistically high expectations of what it
will be like to work in them. If this is the case, their expectations would not need to be
lowered and a good job preview would do little to enhance their job satisfaction. My
sense, however, given the qualitative research I have conducted (Johnson & The Project
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on the Next Generation of Teachers, 2004), is that new teachers who teach in low-SES
still enter with rather high expectations. Thus, this explanation seems a bit unlikely.

Figure 2: Plots showing the fitted relationship between new teachers’ job
satisfaction (SATJOB) and the extent to which the hiring process gave them a
comprehensive and accurate picture of their school (PREVIEW), for
prototypical new teachers in low-income schools and new teachers who are not
in low-income schools (with all other predictors set to their mean values).
Plots are derived from Model 5 in Table 4.
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Do new teachers who experienced information-rich hiring processes report higher
levels of fit with their current schools than new teachers who experienced
information-poor hiring processes?
Table 5 presents the results of fitting GLS regression models to examine the
relationship between new teachers’ fit with their schools and their hiring experiences.
The organization of the table is identical to that of Table 4, except FITSCH is the
outcome in each of the models instead of SATJOB. PREVIEW is a key question
predictor in each of the models.
In all of the models in Table 5, the estimated regression coefficient on PREVIEW
is positive and statistically significant. Thus, higher levels of perceived fit between new
teachers and their schools are associated with higher levels of PREVIEW. This can be
interpreted to mean that new teachers who report that the hiring process gave them a
comprehensive and accurate picture of their school (i.e., a good preview) also report, on
average, higher levels of fit with their schools than new teachers who report that the
hiring process did not give them a comprehensive and accurate picture of their job. In
other words, better job previews are associated with higher levels of fit with school. For
instance, in Model 4, which includes the full set of control predictors but no interaction
terms, the coefficient for this main effect of PREVIEW is .237, which corresponds to .30
of a standard deviation of FITSCH. A one-unit difference in PREVIEW is thus associated
with a .30 SD difference in fit with school, controlling for all of the other variables in the
model.
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Table 5: Taxonomy of fitted regression models for the relationship between new teachers’
fit with school (FITSCH: range 1 to 5) and their hiring experience (PREVIEW)
Model 1
Intercept
State (MI omitted)
CA
FL
MA
Hiring Measure (key predictor)
PREVIEW

Model 2

Model 3

Model 4

2.644***
(.325)

2.869***
(.291)

2.837***
(.367)

2.768***
(.336)

-.206
(.141)
-.266~
(.154)
-.281*
(.113)

-.119
(.156)
-.189
(.178)
-.370**
(.134)

-.026
(.177)
-.065
(.206)
-.224
(.161)

-.050
(.177)
-.121
(.212)
-.235
(.157)

-.063
(.175)
-.126
(.220)
-.238
(.170)

.254***
(.052)

.233***
(.050)

.229***
(.036)

.237***
(.038)

.270***
(.050)

.207
(.211)
.330
(.203)
-.239
(.248)
-.148
(.162)
.172
(.238)
.022
(.195)

.091
(.209)
.627***
(.188)
.094
(.155)
-.122
(.190)
-.080
(.160)
-.109
(.162)

.144
(.215)
.561
(.194)
.057
(.161)
-.157
(.197)
.016
(.212)
-.111
(.154)

.038
(.778)
.086
(.640)
.199
(.278)
.104
(.589)
.003
(.210)
-.117
(.149)

-.125
(.131)
-.202*
(.094)
-.051
(.227)
-.002
(.188)
-.401*
(.162)
-.066
(.109)
-.071
(.214)

-.126
(.124)
-.171
(.106)
-.033
(.227)
-.033
(.195)
-.397**
(.153)
-.065
(.102)
-.105
(.218)
.114
(.241)
.092
(.199)
-.210
(.134)

-.151
(.128)
-.226*
(.114)
-.054
(.238)
-.038
(.203)
-.398**
(.157)
-.077
(.106)
-.107
(.202)
.114
(.240)
.079
(.199)
.161
(.471)

.341
11.50
(20, 109)
.000
479

.049
(.158)
.089
(.123)
-.037
(.052)
-.053
(.105)
-.095
(.102)
.345
14.25
(25, 104)
.000
479

School Characteristics
Charter
p15 (High SES school)
p50 (Low SES school)
Small School
Elementary
City
Teacher Characteristics
Younger
Male
Minority
BA plus education
First-year teacher
Mid-career entrant
No traditional preparation
Science, Math, Tech
Special Education
PREWORK (worked at the
school as student teacher or aide)
Interactions
PREVIEW x Charter
PREVIEW x p15
PREVIEW x p50
PREVIEW x Small school
PREVIEW x PREWORK
R-sq
F(df)
P of F
Observations (n)

Model 5

2.656***
(.266)

.201
9.32
(4, 126)
.000
483

.248
6.39
(10, 120)
.000
483

.330
10.71
(17, 112)
.000
479

~p<.10; * p<.05; ** p<.01; *** p<.001
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Of the school- and teacher-level controls in Model 4 only one is statistically
significant. The coefficient for first year teachers is -.402, which is half a standard
deviation of FITSCH. This makes sense, because one would expect second-year teachers
in the sample to report a higher level of fit than first-year teachers. The second-year
teachers in the sample are those who stayed in teaching after their first year, presumably
because they had a relatively good fit with their school or, if they did not have a good fit
with their first school, they may have switched to another school that offered them a
better fit. Conversely, those new teachers who left teaching after the first year, and thus
are not in the sample, could have been disproportionately individuals who had a poor fit
with their school. They are no longer around to drag down the average.
In Model 5, none of the coefficients on the interaction terms are statistically
significant. Thus, unlike the relationship between PREVIEW and job satisfaction, which
differed for various subgroups, the relationship between PREVIEW and fit with school is
the same across all subgroups. In other words, there is only a single effect of PREVIEW
on FITSCH. The effect of a good preview on fit with school is the same for new teachers
in charter schools as it is for new teachers in conventional schools. It is the same for new
teachers in low-SES schools as it is for new teachers in higher-SES schools.
This suggests that fit (or teacher self selection) might not be the mechanism
driving the differential effects of PREVIEW on job satisfaction across certain subgroups
of new teachers (charter-school/conventional, low-SES/higher-SES). One might have
expected the regression models predicting fit with school to have the same statistically
significant interactions as the regression models predicting job satisfaction. This would
have pointed to fit with school as an intermediary between job preview and job
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satisfaction. In other words, it would have suggested that the reason why PREVIEW has
varying effects on new teachers’ job satisfaction is because, for different subgroups of
new teachers, it has different effects on their fit with their school. The lack of any
statistically interactions in Model 5, however, suggests that this is not the case, and that
other mechanisms may be at work (such as those discussed earlier in this paper). For
instance, differences in the role that information from the hiring process plays in shaping
expectations, or in helping new teachers cope with future job difficulties, might better
explain the differences across subgroups in the effect of PREVIEW on job satisfaction.

Do new teachers who experienced information-rich hiring processes report higher
levels of fit with their current jobs than new teachers who experienced informationpoor hiring processes?
Table 6 presents the results of fitting GLS regression models to examine the
relationship between new teachers’ fit with their jobs (FITJOB) and their hiring
experiences. The coefficient on PREVIEW is not statistically significant in any of the
models. This is not too surprising, since PREVIEW measures new teachers’ ability to get
an accurate picture of their schools from the hiring process rather than an accurate picture
of their teaching positions. However, some of the individual items used to create the
PREVIEW measure do pertain somewhat to jobs, so there is some overlap.13

13

The only statistically significant predictor in any of the models is the one indicating that the new
teachers’ primary teaching assignment is math, science, or technology. New math, science, or technology
teachers reported, on average, a worse fit with their jobs than other new teachers ( β̂ =-.374 in Model 4,
which is .56 SD in FITPOS). This makes sense since these are shortage subjects that are often taught by
teachers who are teaching out of subject and/or do not have strong preparation in them.
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Table 6: Taxonomy of fitted regression models for the relationship between new teachers’
fit with job (FITJOB: range 1 to 5) and their hiring experiences (PREVIEW)
Model 1
Intercept
State (MI omitted)
CA
FL
MA
Hiring Measure (key predictor)
PREVIEW

Model 2

Model 3

Model 4

3.949***
(.282)

4.127***
(.331)

4.225***
(.365)

4.057***
.297

-.029
(.120)
-.116
(.128)
-.136
(.130)

-.101
(.143)
-.212
(.163)
-.167
(.146)

-.101
(.124)
-.167
(.164)
-.085
(.146)

-.082
(.119)
-.132
(.150)
-.072
(.142)

-.096
(.118)
-.128
(.146)
-.094
(.144)

.062
(.049)

.049
(.050)

.031
(.052)

.029
(.053)

.082
(.054)

.219
(.173)
-.282~
(.163)
-.279~
(.158)
-.197
(.156)
.305~
(.180)
-.087
(.159)

.125
(.145)
-.098
(.117)
-.087
(.116)
-.180
(.158)
.161
(.143)
-.117
(.154)

.094
(.148)
-.078
(.141)
-.086
(.120)
-.151
(.142)
.039
(.151)
-.121
(.162)

.805
(.800)
.527
(.586)
.059
(.370)
-.392
(.516)
.017
(.150)
-.117
(.164)

-.182
(.146)
-.030
(.167)
.029
(.166)
-.020
(.104)
-.149
(.098)
.010
(.101)
-.260
(.180)

-.193
(.150)
.000
(.158)
.001
(.162)
-.021
(.099)
-.142
(.103)
.006
(.104)
-.222
(.182)
-.374**
(.144)
.010
(.184)
.103
(.207)

-.214
(.146)
-.043
(.144)
-.002
(.173)
.013
(.102)
-.136
(.103)
-.011
(.103)
-.201
(.189)
-.383**
(.145)
-.004
(.196)
.563
(.607)

.134
2.03
(20, 109)
.011
479

-.191
(.194)
-.136
(.115)
-.039
(.083)
.041
(.107)
-.102
(.138)
.146
2.14
(25, 104)
.004
479

School Characteristics
Charter
p15 (High SES school)
p50 (Low SES school)
Small School
Elementary
City
Teacher Characteristics
Younger
Male
Minority
BA plus education
First-year teacher
Mid-career entrant
No traditional preparation
Science, Math, Tech
Special Education
PREWORK (worked at the
school as student teacher or aide)
Interactions
PREVIEW x Charter
PREVIEW x p15
PREVIEW x p50
PREVIEW x Small school
PREVIEW x PREWORK
R-sq
F(df)
P of F
Observations (n)

Model 5

3.821***
(.249)

.021
.84
(4, 126)
.500
483

.070
.96
(10, 120)
.479
483

.111
1.50
(17, 112)
.111
479

~p<.10; * p<.05; ** p<.01; *** p<.001

Liu – AERA 2005 – DRAFT

39

DISCUSSION AND CONCLUSION
High teacher turnover is disruptive for schools, the teachers who work in them,
and the students they serve. Recognizing this, some states, districts, and individual
schools have begun to introduce induction programs in an attempt to help new teachers
adjust to their new jobs and profession. The findings in this paper suggest that districts
and schools ought also to consider the benefits of providing prospective teachers with an
information-rich hiring experience that gives them a comprehensive and accurate picture
of the job in question. My analyses revealed that new teachers who report that the hiring
process gave them a comprehensive and accurate preview of their jobs also report being
more satisfied with their jobs than those who say that they did not experience such a
hiring process.
I also found patterns in the data suggesting that good job previews are more
important for new teachers in charter schools than for new teachers in conventional
schools. On average, new charter school teachers who did not get good previews of their
jobs during the hiring process were very dissatisfied, while new charter school teachers
who did get good previews were very satisfied with their jobs.
These findings should be interpreted with some caution, for while my research
provides some support for the benefits of information-rich hiring, there are certain
limitations to this research. First, the study relies heavily on self-reported data. Both the
outcome and the key question predictor in my regression models were measures
constructed from survey items that new teachers answered. This raises possible concerns
about endogeneity and the direction of causality. Do accurate job previews actually lead
to higher job satisfaction, or might it be that new teachers who are satisfied with their
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jobs tend to view the past with rose-colored glasses and recall everything positively. They
may thus “remember” that the hiring process gave them an accurate preview of their job.
Another possibility is that schools that have the capacity to conduct information-rich
schools are generally well-run and might also support their new teachers well. It may be
that it is the support that these schools provide after the teachers are hired that leads to
high observed levels of job satisfaction rather than the effects of the hiring process per se.
Despite these limitations, the results of this research start to build a foundation for
understanding the role that information-rich hiring might play in new teachers’
satisfaction and in determining their fit with their schools and jobs. The patterns in the
data do seem consistent with some of the theorized mechanisms suggested in the
literature.
In this paper, I did not present models that included specific hiring activities as
predictors. However, I did fit some of these models, with mixed success. In the appendix
at the end of this chapter, I present a few extensions to earlier regression models. To the
final models predicting job satisfaction and fit with school, I added the predictor
“CLASSOB,” which indicates whether or not the new teacher observed classes as part of
the hiring process. I chose this predictor because it was one of the hiring activities that
had a moderate correlation with PREVIEW (r=.21, as shown in Table A.1). When
CLASSOB is added to the model predicting job satisfaction, the coefficient on
CLASSOB is positive and statistically significant, and the coefficient for PREVIEW
declines just slightly but stays significant. This model provides some evidence that
observing classes might contribute to new teachers’ job satisfaction. I found, however,
that fitting the model without the California teachers in the sample led the coefficient on
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CLASSOB to no longer be statistically significant, which was a puzzling result. It isn’t
immediately clear why observing classes would only have an effect on new teachers in
California.
Overall, more research needs to be conducted to explore the impact of specific
hiring practices on new teacher job satisfaction. This may require collecting somewhat
different data than what I did—data that measures not just the opportunity for
information-rich interactions but also the quality and nature of the information exchange.
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APPENDIX

Table A.1 – Correlations (uncorrected for study design) between selected
information-rich hiring activities and PREVIEW, SATJOB, FITSCH (n=486).
CLASSOB: Observed classes (n=128)
MTGOB: Observed meeting (n=46)
APPOBS: Was observed teaching a lesson (n=66)
INTT: Interviewed with teacher (n=203

Liu – AERA 2005 – DRAFT

PREVIEW
.21***
.20***
.16***
.12**

SATJOB
-.01
.05
.04
-.01

FITSCH
.11*
.07
.05
.09
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Table A.2 – Model extensions: addition of CLASSOB (indicating whether new teacher
observed classes as part of the hiring process) to the final models in Table 4 and Table 5.
SATJOB
Model 5
1.163
(.804)

Intercept

SATJOB
Model 6
1.468~
(.765)

FITSCH
Model 5
2.768***
(.336)

FITSCH
Model 6
2.814***
(.377)

State
CA
FL
MA

.303
(.361)
-.337
(.412)
-.217
(.428)

.137
(.379)
-.474
(.417)
-.243
(.415)

-.063
(.175)
-.126
(.220)
-.238
(.170)

-.089
(.189)
-.147
(.225)
-.239
(.165)

.710***
(.132)

.666***
(.121)
.525*
(.269)

.270***
(.050)

.263***
(.056)
.081
(.194)

Hiring Measures
PREVIEW
Observed Classes
School Characteristics
Charter

-5.197**
(2.088)
2.887~
(1.691)
2.757**
(1.047)
1.764
(1.114)
.427
(.444)
-.298
(.416)

-5.161*
(2.184)
2.972
(1.860)
2.590**
(1.017)
1.698
(1.172)
.428
(.450)
-.400
(.416)

.038
(.778)
.086
(.640)
.199
(.278)
.104
(.589)
.003
(.210)
-.117
(.149)

.047
(.779)
.097
(.646)
.174
(.268)
.092
(.589)
.003
(.209)
-.133
(.167)

-.146
(.383)
-.020
(.410)
-.568
(.442)
-.808
(.537)
-.155
(.508)
.496
(.354)
-1.177**
(.460)
-1.010**
(.36)
-.489
(.424)
-1.605
(1.290)

-.221
(.427)
.041
(.400)
-.571
(.440)
-.944*
(.459)
-.183
(.494)
.486
(.375)
-1.275**
(.447)
-1.031**
(..367)
-.541
(.454)
-1.405
(1.158)

-.151
(.128)
-.226*
(.114)
-.054
(.238)
-.038
(.203)
-.398**
(.157)
-.077
(.106)
-.107
(.202)
.114
(.240)
.079
(.199)
.161
(.471)

-.163
(.135)
-.217~
(.115)
-.054
(.238)
-.059
(.219)
-.402**
(.160)
-.079
(.110)
-.122
(.190)
.112
(.243)
.071
(.195)
.192
(.462)

1.006*
(.465)
-.416
(.314)
-.608**
(.190)
-.354
(.239)
.173
(.244)
.299

.967*
(.486)
-.447
(.353)
-.564**
(.187)
-.343
(.251)
.092
(.221)
.312

.049
(.158)
.089
(.123)
-.037
(.052)
-.053
(.105)
-.095
(.102)
.345

.042
(.156)
.084
(.123)
-.031
(.051)
-.052
(.106)
-.095
(.102)
.347

18.91
(26, 103)
.000

14.25
(25, 104)
.000

(26, 103)

P of F

17.15
(25, 104)
.000

Observations (n)

478

477

479

478

p15 (High SES school)
p50 (Low SES school)
Small School
Elementary
City
Teacher Characteristics
Younger
Male
Minority
BA plus education
First-year teacher
Mid-career entrant
No traditional preparation
Science, Math, Tech
Special Education
PREWORK (worked at the
school as student teacher or aide)
Interactions
PREVIEW x Charter
PREVIEW x p15
PREVIEW x p50
PREVIEW x Small school
PREVIEW x PREWORK
R-sq
F(df)

.000

~p<.10; * p<.05; ** p<.01; *** p<.001
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