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* Our findings suggest that incoherent language output observed in schizophrenia
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GPT.3 “d 002 ] : " 4 Data Analysis A may relate to impaired use of global (vs. local) context to produce upcoming words.
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* We then manipulated context length
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* We suggest lexical predictability may provide a useful metric that is easily quantified
by computational models, has face validity with thought disorder, and may provide
insights into neurocognitive mechanism.
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